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Jack Wang

Solution Architect
Alibaba Cloud Intelligence Group
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AlID— O0—FRITOXREA TV PR L—D

S, ) @ . L & fH A A A DVector BucketiZ &k Y
Datalake Engine Quick B Al Training & Al Application Al Assistant Semantic Query ﬁE;Ed)Vector DBO X b &iﬂlﬁ(:
Inference ﬁ“})ﬁ L .as T .

Enhanced
. Connector for .
OSS Util AUML & Hadoop OSSFS OSS SDK (Object & Vector) MCP Server
Enhanced Enhanced

OSS Accelerator ResourcePool 0SS-HDFS Smart Al Content Al Data
(NVMe Cache) QoS Discovery Aware Processing

INDAF—IX 2 AQoS - B5eHi & &
INRIL—T vy FDREE

OSS General Bucket OSS Vector Bucket

Embedding OSS7/t5 L—42 - & X100GB/#

5 8 B B -

OSSFS2.0-F LW 2T
FUSEYV 5472 bk

¥ B

Massive Vector Data & Metadata

Realtime access, ms latency Accessible within minutes to hours A oA
| l l 1 l 7 : 65 X 3X
o o o 0 0 Single Thread Reading1) Model Loading Speed (2
Standard IAT‘ Archive Cold Arfhive Deep Cold Archive

*1 ecs.g7.32xlarge, FIO, reading 100 GB file
*2 ecs.8qi.48xlarge, llama, loading DeepSeek-R1-GGUF model
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:/T/‘Jnunﬁkx I‘l/_“s

OSS:T—AMNAVTHFRKLZE

N[

T4 O 1)

* Query “cat”

OSS Raw Data

p

RAG 7 71) I TAVvIOBRE AlIT—> TV bk AlT—432 51
\ /
4 )

BIFa VT UYDBRH

MLV TUOYDER

F—J—FZERT S MR T —2ICEEE Y

2 )

it 5

New
“cat”, “lion”, “feline” “Kitten”
uploaded
(D) OSSHARBA S F—B ERY B—g VF 95 R

One-click activation
"Al Content Aware"

»

e OSSMeta, Multimedia

Meta

« UserMeta, Vector Data, @ %

» Content Description...

R d AAIR KL—

O

O

JRRCE R 5 O— LR R ?_’;E‘_Xlz’ /N

BHLTEELZLTD Y FEAS O—/N)LRER BEOOVTUVER
1) CHEEFED ZAREIC T S EIEMT HLTo2ITL., HL

BETESHER

85%MIEE %55 D A
L7=7 L3 ) X Lkl

SDK Y—JL

W TF—A2(CEFMIZA
%4115

ORX FIELFLY

MEAEE IR FAVE <,
HEREH
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Al7—45 00— R@ETALB: LAY FVAO—RNRT Y —DIEE

Anycast GA

I
v v v

& & &

US East Singapore Frankfurt

GAHH—F I=—F ¥R P IP EnhSD

. B/ — K
£% Y OPOPEHOBELET & £ 2

&) WAF

LI |
v

s BEEL—TaY

HEZE7 9 EADEOOI=—F v XA NEEZT= GA

ALB for Al Workloads

A 0 o « METI AT —FTHUF~ . EEhETE
«&- &I (7 . WAFREEDOHD FNTT1vo%T0v s LES
Model Gateway Inference Gateway MCP Gateway GA WAF
EFLTOFY : 7554 iSRS LLMAS Tz M TAZFVERTY A=) H
. :EE:f\ NG N oz‘ Py
N—4 L — MEIBR API KEY AlE] SR RREBDANY Y IV MRE

+ BREARETIEROEOORT S 2a—)2 Y
+ b+l — PHRICES TR MEHE

- TEEAIERAINE

Alibaba Cloud

Third-party Self-hosted

Model Studio

Al Services

LLM

ALB for Al workloads [ New )
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ACK Kubernetes: AI1YE1—FT1YJ DENTREUZEL

Open Framework
ALJL—=LD—=IDA-=T IS ATA

Spark Ray W?rrl<gf?ow Kulgseglr?/\év/ T/e';i/(zgﬂsr\:v Deepspeed vLLM SGLang ?ﬁi@'f LENEXT 91—U>/7“ | iﬁﬂﬁ |
oJ&UAE | a5

E)ACK Kubernetes Cluster

Scheduling Data & Model Al Inference Suitem:> _ y - N = A o,
Batch | Queues | Acceleration RBG | Inference Gateway | Elastic Al Suite: B M —JOt;EnHH
Topology-aware Fluid LLM Performance Observation Resources | Tasks LLMIESR R —Ty Mh¥ 245 (Ca) E

¢ o — alc
+ EFILOT— IR~ NEFRINNO0% 4G
Heterogeneous Resource Management Stabilitym Observabilitm
CPU | GPU | RDMA | eRDMA | CPFS | OSS | Fault self-healing | inspection Logs | Monitoring | Al Profiling
NAS | diagnosis

New

ECS/EGS node pool Virtual Node

Lingjun Node

Pool 17U 1T MROKM

General Accelerated g . AhZRQE0
A A A E 329))
Computing Computing Pgds Pgds Pgds BH2EE : GPURIZEHN85%Mm)_E
Instance Instance

High-performance
GPU Bare Metal cluster
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ACS 1 > 77 : Smarter, Simpler, Stronger

AT TFDMERER L

Intel Processor Performance :

General
Purpose

20% A  Performance 24% VN

type

AMD processors Performance:

General
Purpose

15% A  Performance 16% A

type

Note: specCpu 2017 benchmark

AVTFTFAA—TDFXrv v amimE

(Running)

A
[ \

. — . Pl |
Container Image i.i 5.:
Cache ‘ ] ‘ -

Running

Thousands of pods millisecond pull container images

End-to-end start in seconds

@ Container Computing Service ACS

I

P chE. X MEIRE

User
Pause

!

User
Resume

l

(Running) (Hibernate) (Hibernate) (Running)

Time

During suspend: vCPU free,

memory/storage remain billed

JLAH - CPU & GPU

45 - CPU power

BET# - GPU Power

\_

Container performance ahead of competition

15,000 pods/min startup per region

Default GPU power support for RDMA BestEffort Default BestEffort Default
\_
-
= TERE BHTEHLVEDMN Fl{EE

12-month GA: 10M+ Pods/day on average
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oo 89.8% Cold Start : 20.3% TTFT - : ‘t
L r ~ L = —— N Y o
& Y iR A 97.6% Scale out 70.6% TPOT FYUBNRIL=T Y b (0% TES

ETILERLA

A1 —ILDOxHEIE T I)LERRDIZE
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NEHE
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Al 775 — 32 mITFOI7ILAS w45 Observable Cloud Monitor 2.0

7 I _: ~ =
77 »ay €7 ‘
- )T 7) TNAZY 3
ETILY 70 ) Intelligent laaS, PaaS, Application Full Lin1{ > 7 Y
—_ N icati vxz¥ %laaS. PaaS. 77V 75—y a>D7 )Y
17- 3 > RAG, MCP Al appllcgtlon Modgl c.:aII .Safety. Mgde_l Model Log model link v aa aa o g )
call monitoring monitoring monitoring diagnosis monitoring -

—' ] W o] 1\ Y Y I' \/ I\“ ‘\/ I‘ \/ I\“ O)eﬁ“é)%
€7 IV iEm H— SIR—2R v —=
IV EXJVR=2%> b EFINVOMN—Z2D 0 AL L e e o b oL

i 7—2 &4 AK— |
2erV|ce 2l Infergnce Vel Al Gateway Training task Data Flow
omponent Engine database . L .
Monitorin Monitorin monitorin Monitoring monitoring Monitoring
g onitoring onitoring :
BELT 7 AT —RNE
a7+, PAl. 20D 7 Z v 7 3 — A
- ~ — S 425 A
AT TDATS 1) CT 7 AV THE
Container
Kubernetes J—90-ROEER, > - T -8R, GPU 25U, 2 2 A L
AT VRA BZAVT ARINELUOTEER. AL 21— bDEETR, A '\f %‘E £7)
v 2 5T
N—2 >, GPUMR 2 X Bifi
AIM YIS AN IFY
Lingjun I 1-F4>% #y~J—% RDMA EEZ N~ CPFS GPU 7357 kY —/(— T IVOANT & HFIO i B
J—RDEEAR = = ES ver T a s A WARE. €% 071

AJ NN —TF 5
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F—ARAEBLET—IERBOD-ODE—D TSy T+ —L

Enhanced

Enhanced

DTS One Channel ForAl : RJLFE—XILT—42 %

Al IERD FILIZZE L

FTCIEATEST—F T—Ux U R ERARTS Y .
Fjj-_l% jtgljalu +SIMD &EEJ'( ‘Jb i i >« = 9”&% S= . RN
ZIZkBEEILIZE B/ TH+—TVRDAL g gEj v ESYITEE

- - 4/T:f’r::/{; f3‘57
. - ApxaNﬁA=
v EEARY MLER

2_ K Y R B —FT—FDFEHAH
'%;ED_\:\ QE A ~
§ I—o 2 b

e e T T T el e e e e e e e e e e e mm e e e e e e e e e e e Em e e e e e e e e e e e M e e e e e Ee e e e e e M e e e e e Em e e e e e mm e e e e e Em e e e e e e e e e e e mm e e e e e e e e e e

e s E TILFE—HI :[;:,'fz-_j;ff§.4';zf
T—HEH n F—4 A7 TYr— 3y

@ B

= , = L o o ; . 2 Qwen |

@ i i web doc database —» ® ‘ O E-—»i AnalyticDB - PolarbB i—»i O' m '0 i

o m B e I Y o-|2Y)-0

Alibaba Cloud DMS = b4 e ; | : | AosaraDE | 5 @OpenAl |
(Data Management) . | audio video image | P "RDS ! 5
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ApsaraDB I—1>b - NEW

DAS I—>1>

DMS F—#I—-S1>
T—IN—-AERI-I1I>

fuxiwb@ali... i
Q search cost ICPFiling enterprise  support Work Order [ a @ e Simplified RAS‘DUSGIS 0 nu Data Agent Analyze diamonds market

7911 I -1

P10
E c) DAS Agent Demo: + New Mission # K
== Trouble shooting i 0.ER=E A A ST 0.BRSFEAT

IVC1av

Overview
; Hobili o ¢ 1. This
B Nicrit Operationard ks I:.sta.r;ce. Engine Type Availability Zone Asset management advice ¥ en collect v ‘Analvze diamonds market
istribution o . - S
Analyzing the diamond market ...
Event Center & n
5. Insert operation takes a long time (Sqlld: Q) Data Agent

Instance monitoring

d4fbfec8a37ab432e6bed5934699d3ee) Database-based explora 1 U 0 I Z |\ #Z }Eﬁn g— 5 77_ &) ( —_
. + (& & S
1 El""‘l% 7—\,{,\‘\ h&tl:%"ig—% 1. The maximum query time for this SQL statement is 4.99 seconds. We Analyzing Sephora’s pro . — -
" & / S recommend checking the amount of inserted data and the rationality ;%(%Z%

of the table structure design. today

. Understand user needs
Monitor the market

Real-time performance d: >_ Import data

Slow log Analyze diamonds market =
e

ol shcypiion 21:41:28 €Y Analyze diamonds marke 2 . %\g | ﬁ $I§D a_/\‘t = in

Resource Management

2 — j\ ~ — ~ O\t [e] What is the slow log status of the rm-uf6dyi58dm604v47u instance over the past 24 \ \ W \ _E Based on the dataset you provided, | have obtained the basic information and the first few rows of
: ~ — — In the past 7 days L 5 jJ t 73 % =73 i g_ data for the diamond data. Let's take a look:
Vacstori Managemment Overview of examy . |\j } l/ /1 J '{ 4 l//l\ hours? ‘ j I:lll.n\l )
require attention S
Instance List I\d) E}iz 2 21:42:39 In the past 30 days > Dataset structure

+ The dataset contains 10 columns and a total of 53,940 records.

S Iter Msnimasmon: Abnormal instance it = L\b 7-\ 17 > " : . 1ol
. | will perform "SQL slow log overall data interpretation" for you. Please 3 . %ﬁ% I:I:I Hb d‘%'f—.r j/% o e it igs

DBGateway Management 0 = Points  hours Instance wait 1. carat:

Elastic scaling settings . E}iﬁ 3_5 % ot Dismont cutting. ste:
- = - . 3. color : diamond
Toolbox ST 3 . 'ﬂz_l—_E i’:_(j:ﬂﬁ lﬁ'f |3§'<79 7:_&) Slow log analysis results

Spatial Analysis | 0)7 7 :/ 3 \/ 705 \/

Alarm Service : il 1. Overview of Slow Log Data i

Generate an execution plan o~

Inspection Scoring i Zone T
® cr u:]esioigszbdo:{ Activat The current instance has a total of 13,253 slow log records.

Database operation and n ache _rroc-shangnalz i

Shangkang #H—3ifia)

a—7r8)0)...
Traffic replay and stress t Redis
rm-ufédyi58dm604v47u East China 2 Activat g
. 3 cores | . o el jue : [ !
Data backup service [4 (V] DAS Core_PROD-Shanghai- (Shanghai) Q % o
Shangkang 256 GB haoyangtest_testcloud_c...

SENNSDY I e 027 IERESR

I %
30s 2%+ 7-SHE 7SR JIUDREE

HFIZR (85%) LDHENTHED. BEODLLM — I>9-T314X @5551/5’—\/0)’&?3
LR~ NARZEERL TS 53 3% BT s XNVFE=GNT =Y SIS TRVMEK LR
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DAS I—>1>

ApsaraDB 1 —

T—IN—-AERI-I1I>

H ©"pas Agent Demo:
Yaochi Database Trou ble shOOtIng

Overview
Instance
distribution

Engine Type
Intelligent Operation and Ma 9 ye

Event Center
Instance monitoring
Monitor the market

Real-time performance d:

Slow log

~ e

Column encryption
Resource Management

Version Management
require attention
Instance List

Cluster Management ;
e Abnormal instance

DBGateway Management 0 =
Elastic scaling settings

Toolbox Instance ID/Name

Spatial Analysis

Alarm Service Ins'

Misgaction Scorlng r-uf6550cf9a7bd0ca
(V] Cache_Prod-Shanghai-

Database operation and n
Shangkang

Traffic replay and stress t
rm-uf6dyi58dm604v47u

DAS Core_PROD-Shanghai-
Shangkang

Data backup service [4 (V]

BEaINSIIINSa1—F1>7

30s

LiN—hAREZERN TS

Availability Zone

cost

Asset management advice ¥,

1.EERBARINENFET D

Overview of examg 2 . |\§j‘} l/:/J_ - j__'{ \/ﬁ\t l/7|_: - hours?

bDEERK

EREANEIRES =
D7I23>T3>

Redis

3 cores /
256 GB

Points  hours

Zone

East China 2
(Shanghai)

BHFY3R

| RSV et

ik ; Tl fuxiwb@ali... 0
ICP Filing enterprise  support  Work Order (s Q @ e Simplified RAM users

@5 DAS Agent

IVC1av

© 0.BREBEAN

optimiz. _ . N o

5. Insert operation takes a long time (Sqlld:
d4fbfec8a37ab432e6bed5934699d3ee)

1. The maximum query time for this SQL statement is 4.99 seconds. We
recommend checking the amount of inserted data and the rationality

of the table structure design.

21:41:28 €Y

What is the slow log status of the rm-uf6dyi58dm604v47u instance over the past 24

2 21:42:39

| will perform "SQL slow log overall data interpretation" for you. Please

Instance .
wait.

Slow log analysis results

1. Overview of Slow Log Data

Activat The current instance has a total of 13,253 slow log records.

nt Activat [

X

2%+

(85%) £DBENTHD. 1
FDH33%EBNTVFT

IHEOLLM

ED

N

7

b - NEW

F—=AI-IT1IYbh

Vil N b

= Analyze diamonds market

« Count the total number and total value of all diamonds.

« Analyze and display the proportions of different cut qualities, colors, and purity.

>_ Analyze the data | Analyzing the purity distribution-code

( Price distribution and key factors >
(© Size and quality correlation analysis >

(© Report Generation >

4. 7

>V EFEIT

This analysis has ended. If you have any question
7= Mission Completed .'. o, .; s \o‘ [ ] ’ ° o
® Sz = o
17500 * oy TR S L, | o
Share Data Agent's analysis with interactive web So o = . ' .
® Draw web page report Cancel ' ° L bt
reports ° i’ A L] ® b L]
i L} -~ 2 > *
15000 ¥ v ° L]
g .‘ L4 ®
o
s @
L o, °
12500 4 % & .:- % .
& EJ
6. BM%IRT Stk B :
. =] e 8¢ \
Recommended Questions 4& 10000 ~ *e
Which cut qualities of diamonds experience the ®
less than 1 carat, 1-2 carats, and greater than 2 e °
7500 4
How does the price distribution of D and J color grade diamonds differ in the higher price range (e.g., over . ® ®
$10,000)?
Is there a significant difference in the correlation between the dimensional parameters x, y, z and price for =~ 5000 -
different purity grades?
2= Execution Plan Completed 4/4 A 2500 1
Further inquiries.. e
T T T T T
0 1 2 3 4
=8 (h)

3"‘_91 llbé

JIFE-HINT—4

» (00 Report v >_ Analysis Details

Step 7: Analysis of the relationship between diamond weight and price

5.3 & REEMT 2

@ Objective : To study the correlation betweer
Method : To draw a scatter plot to observe
Data details :

~ Diamonds in the 1 to 2 carat range are !
s weight increases, prices generally te

lusion :

ond weight is positively correlated with price, but other factors (such as cut quality, color, and clarity) also significantly affect price.

HAERESHMEXRRAE

F—H{RE
I A9-TJ534X
HRIRE

7

IJIVDFEE
%Ei&@—)@ﬁ\éﬁ
ROVMERERE
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I3 KRR AL 7SR 8: A-J>T

Q&A [ Enhanced | ARL—33Y

ECS AIZYAAUN : QRANGA  AYATZADZER
YFUSIYNRIERET ¢ SFUAR-ZDAVRIVAHEE « 1500 EOBUTEEBIEETS>
o UPINIA LOMIRAEREDHE

REIRRITUR TITANUIVA

®

D e

[ New BERED

-+ REAAIZR o UY-RIRME: BAA/ELE. )NRD— RO MRE, - HRNBER + REORE

| New_

| New_

0SS AI7SA9>b: AID—270—-FOTEHDELDA
N—DMRAMN —-SEH

BLWESDbEYR— N I5—-2ZH BABIIVA

ZeaIZVOQ&A. J— Ml Y- )L D&=iE1t

IE—??E"E Coming soon

I5—-AN — IBRRREZM + 77232

A K

FERDMT + VY —-RT 3> OHEAREIR

1Al AN
Q&A

- EFI)L: RYNIT-IRAG
« F—%: MCP + OpenAPI

INAS A

DAz 21 — EANMELE

DAL

Ny NOXERAT — IL—BRST0v) + R

TYNI—=D AL PRI b Y=Yy b 5EIE

| New
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7359 RESHRCMS

O0JY9—ER SLS

maT—9AMN—-SBLD

NPT SY NI A— LI

PIUT—3a> DEE 1FUSTY MRER - RFTF SRV M AIPTVs—>3>07F AIOpsI—Y1>ph New
WAIYVIERE
o e AI7 )T —23> AT -
ST AR AP BEARELA TS T NS 2T PR ST - _
1-H—TIIZRJIRE ~ ST AL A \ BASEE J?IZ h:
—503% it 4>%u=;1> /I;@%%— g [BRERYNI—=TDEVNDTIH ? |
HFIRIATIVFR N — PALA>HA I
J=ILFI—>DH h> RT3 ARARE OD7RER
N laaSEifR
TIWAIYINDEZRF I A
I35 REmDFAZE CloudLens S
OSSA>HA K IVFFASHAR F—HNR— 2 ERITTAE PAIA>H1 ~ ECSA>H4~ 200l EDYU5Y R &
- A=T2Y=ZAA0h—%>behIN—
ZE5EYR—-bH

N 1<)
hyiiled 7— S F—HAN HATF—IEFI

#illoTE8 o
F—HAN - SLS OJ A7 SLSX NIRRT SLS ARV RART SLS I2F4T4AR)
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MaaS : TONGYI Model Family

Varied Sizes, Multi-Modalities, Open Source

\; Qwen

Tongyi Qwen

Wan- Wan-
Qwen-VL Qwen-Image painting Image2video
Wan-
Qwen-Omni Qwen-Coder Sketch2image
o i Wan-T2| Wan-T2V
Qwen3-Flash Qwen3-Max Text-to-lmage Text-to-Video

@ Wwan

Tongyi Wan

Wan-
Video2audio
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Qwen3 - Max

Qwen3(. 1RZBZD/N\NTA—22HFL. BRENGNIA— I UV AREZHRA-RIDETILTY,
Qwen3-Max, the first model with over one trillion parameters, achieves comprehensive performance improvement.

Qwen3-Max-
Instruct-Preview

100

80

64.6

59.8
57.2 565

60

40

20

SuperGPQA

Qwen3-235B-A22B-
Instruct-2507

80.6

49.5 49.8

33.9

AIME25

Kimi K2

LiveCodeBench vé
(25.02-25.05)

Claude Opus 4

Non-thinking Deepseek-V3.1

86.1

79.3

76.4
: 74.6

713

LiveBench
(20241125)

Arena-Hard v2

~

Highlight
Comprehensive leap in general capabilities: Based on the Qwen3 series, the
overall general capabilities of the Qwen3-Max model have been significantly
enhanced compared to Qwen2.5-Max, with notably superior performance in
Chinese and English general text understanding and other related abilities.
BENBBEENDMEE : Qwen3 SU—-XZR-RICUICOET I DOEAREY R —HZHEEE (&
Qwen2.5-Max LU TAIRICM_ ELTHED, REFEEREBO—#ETFANERRIEEEN AIE(C
] ELTOEY,
Significantly improved reasoning ability: Achieving higher accuracy in tasks
requiring reasoning, such as mathematics, coding, logical reasoning, and science
subjects.
HESRBE DD KIRICH L @ 205, 1-F 127, FRIEMNHESR. BIFERE, HRZMNELITBIRICH
F2EWEE
Complex instruction following: Better meeting users' specific task
requirements and response format needs.
1BHMRBIERICHEDS : 1Y -DRFEDIRIEM. ICERRREZLDEY)(TmIIENTEFT,
Broader Knowledge Coverage: Better Mastery of Long-tail Knowledge,
Reduced Hallucinations, More Reliable and Credible Responses.
LOILVHIGREERH : 0> 77— )VAIGROIEARNEED. E|EENRD. LDEFEMEOSVEIENMESSN
*x9
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Qwen3 - Next

EXETILO®EIZEITSE20OKREHEERKLUF

Two Major Trends in the Future of Foundation Models

O > T ¥% R MEIE Context-Length Scaling
/N7 A — A2 §L§k Total Parameter Scaling

B A /=L
Ultra-high
sparsity ratio

—

1:50 (Qwen-next)

A EEhEEMxRDEIS1:16 (Qwen) 1:50 (Qwen-next)

Activation Rate of Experts (Qwen)

TIF b—4 UFEIA A =X LB Multi- Token Prediction
L —=2 Y OREEICERL =525t
[1] Gated Delta Networks: Improving Mamba2 with Delta Rule

[2] Gated Attention for Large Language Models: Non-linearity, Sparsity, and Attention-Sink-Free
[3] Better & faster large language models via multi-token prediction

~

-

1><§

3!

____________________________

Mixture of Experts

1

Zero-Centered RMSNorm

A

>0
A%

Gated Attention

1

Zero-Centered RMSNorm

---------------------------

____________________________

Mixture of Experts

1

Zero-Centered RMSNorm

A

>0
[ %

Gated DeltaNet

1

Zero-Centered RMSNorm :

Linear

($ Output Gate

___________________________________________________

@ Sigmoid \:

[ Scaled Dot Product Attention ] (@)

N~

A

v A

Partial Rope Partial Rope
Zero-Centered Zero-Centered
RMSNorm RMSNorm

\_Linear / \ Linear /\ Linear /

_______________________________

( Linear \ (@) siLu
é Output Gate
Zero-Centered RMSNorm
A
[ Gated Delta Rule ]
L2

: o o) go—)
: Conv | Conv
: I
\ Linear /7 \ Linear / ﬂ;r\\ Linear /

_______________
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Comprehensive scale: From small to large, from Dense to
MoE, from Instruct to Thinking, fully covered

BIENBAT - : INRENSKRUR,. BEENSEEZEEIT, BR-I5BZIT

Long sequences: Native 256K support, scalable up to 1M
sequence length

RVWS—FVA: #1747 256K, 1M FTHERAREBRERWVWS -T2 ADYR— b

Richer and more comprehensive visual world knowledge,
with enhanced object recognition capabilities

REMFICEIITILDED T RIENBINGE . H5WDED 2B SHEN DML

Enhanced spatial awareness and stronger 2D/3D
grounding capabilities

ZERIEREZEL, 2D/3DI VT 1o ReERELET

Superior video understanding capabilities, including long
videos and spatiotemporal localization

REISEZNEVPIFZRHIEDEFZ ST LD B E)BEAFHEE

and videos here.
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Qwen3 LM Dense/MoE Decoder
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Images and videos here. |<

[ Text tokens

T Qwen3: Think Deeper, Act Faster
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Qwen3 - Omni
IRY—TI2ROYINFE-FIVETIVE. NIVFE=IINAHFF923>TIARYVID A%@{bUET

Highlight
£ )
« EFNVF—FFIFV: 3-OmnildThinker-Talker?—+77F v AL TVET, .
T T Qwen3-0Omni inker afr) T IFv IR Oweh) Omni MoE Talkar
Thinker(3F+ X MR ZIBL), Talker(FThinkerh5ELANIOBIRKRIAZEZSZITED. L y

AN-ZT BRI DERRICERUET , BIRIEZEAN) -2 J%EIR T B2IC.
Talker(ZXIWFI1-RIvI> -4 208 E0IEFFRZERLET . 71— RATvICBVT,
MTPEZ1—)UIIREDIL —LADFERZEI— RIwIZE L. Code2Wav(c LTSI i T T K S O A A T

AR T BET. T—ATEDZA N =SSR EIEECLES Hidden extraction from middle layers
' = ° R e ST N g R TR

« Model Architecture: Qwen3-Omni adopts the Thinker-Talker architecture. i .
The Thinker is responsible for text generation, while the Talker focuses on i Qwen3-Omni MOE Thmker |
generating streaming speech tokens by directly receiving high-level o 8§ f 0N 0! B B BN i B i
semantic representations from the Thinker. P5easa‘das?rrse‘fh7$ Viaaa'mrﬁaw,’;. ;i T ;N i AR T ‘I‘L i J lA?csra’mg Tl G T R

o AUT : A—F4A4 I>3-45—& 2BHFEDOA—T 1A T—HFT—Z>TJ&Nfk AuT )
FEFAL. SRR NB— RN A — T AR AR TVET, [ Vision Encoder) S

Codec Embedding

« AUT : The audio encoder adopts the AuT model trained on 200 million e
hours of audio data. Height G
« MOoE : Thinker & Talker (FE55E MoE 7—F79FvZEFALTHD. SVEITIHEESIR Audio Hidden
RiEmZ Y R—NUE T, Codec Hidden
« MoE: Both Thinker and Talker adopt the MoE architecture, supporting high Width III"I"' IllllllllII III'"” I III'III"I Illl“lll Pad Hidden

concurrency and fast inference.
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>>> Qwen3-Coder is here! [{

We’re releasing Qwen3-Coder-480B-A35B-Instruct, our most powerful
open agentic code model to date. This 480B-parameter Mixture-of-
Experts model (35B active) natively supports 256K context and scales to
1M context with extrapolation. It achieves top-tier performance across
multiple agentic coding benchmarks among open models, including SWE-
bench-Verified!!! /#

Alongside the model, we're also open-sourcing a command-line tool for
agentic coding: Qwen Code. Forked from Gemini Code, it includes custom
prompts and function call protocols to fully unlock Qwen3-Coder’s
capabilities. Qwen3-Coder works seamlessly with the community’s best
developer tools. As a foundation model, we hope it can be used anywhere
across the digital world — Agentic Coding in the World!

@ Chat: cl

& Blog:

© Model: hf.
€ Qwen Code:

Open Mode.
Quen3-Coder
480B-A35B-Instruct

Agentic Coding

Terminal-Bench
SWE-bench Verified
w/ OpenHands, 500 turns
w/ OpenHands, 100 turns
w/ Private Scaffolding
SWE-bench Live
SWE-bench Multilingual
Multi-SWE-bench mini
Multi-SWE-bench flash
Aider-Polyglot
Spider2

WebArena
Mind2Web

BFCL-v3
TAU-Bench Retail
TAU-Bench Airline

< r/lLocalLLaMA - 8K§i
ResearchCrafty1804

Qwen3-Coder is here!

» QWENZ-CODER

Benchmarks

Terminal-Bench
SWE-bench Verified
w/ OpenHands, 500 turns
w/ OpenHands, 100 turns
w/ Private Scaffolding
SWE-bench Live
SWE-bench Multilingual
Multi-SWE-bench mini
Multi-SWE-bench flash
Aider-Polyglot
Spider2

WebArena
Mind2web

BFCL-v3
TAU-Bench Retail
TAU-Bench Airline

Qwen

huybery@U-V76490MY-0133:~/coding-agent

Open Models
K2

IBOB-AJSI—Iutmct

3 - Coder

Q© Categories

Compare models by usecase (i)

100%

Proprietary Mod
C

60%

w
o
°

Qwen3-Coder is here!

3A3H 3H17H 3R31H 48148 4828H

Claude Sonnet 4 481B tokens

by anthropic

Qwen3 Coder 140B tokens

by gwen

5H12H

We're releasing Qwen3-Coder-480B-A35B-Instruct, our most powerful open agentic code model to date. This

480B-parameter Mixture-of-Experts model (35B active) natively supports 256K context and scales to 1M context 3
with extrapolation. It achieves top-tier performance across multiple agentic coding benchmarks among open

models, including SWE-bench-Verified!!! %

Alongside the model, we're also open-sourcing a command-line tool for agentic coding: Qwen Code. Forked from

Gemini Code, it includes custom prompts and function call protocols to fully unlock Qwen3-Coder's capabilities.

Qwen3-Coder works seamlessly with the community’s best developer tools. As a foundation model, we hope it 5.
can be used anywhere across the digital world — Agentic Coding in the World!

{ 1854 & O 262 R

w HE

Gemini 2.5 Flash 73.8B tokens

by google

Gemini 2.5 Pro 66.5B tokens

by google

Claude 3.7 Sonnet 58.8B tokens

by anthropic

Show more

5H26H 6HA9H 6H23H 7B7R
6 Kimi K2

’ by moonshotai
7 Grok 4

by x-ai

8 Claude Opus 4

’ by anthropic
9 DeepSeek V3 0324

) by deepseek
10 Qwen3 235B A22B Instruct 2...

v/

by gwen

Programming <

A

7B21H

27.9B tokens

27.9B tokens

26.9B tokens

19B tokens

13.3B tokens
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https://chat.qwen.al/

https://huggingface.co/Qwen

https://modelscope.cn/organization/qwen

https://github.com/QwenLM/Qwen3-VL
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